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*  Why? Improve desirable networks and hurt undesirable ones.

* NP-hard problem — complex system

* Previous methods either rely on global information, use machine
learning, are inefficient, or don’t work well.
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GPU acceleration of RA2. Runtime (in hours) is plotted against network size, measured by the number of edges, E, for dynamic dismantling.

 LGD-NA outperforms all other algorithms, except for Betweenness

Centrah_ty (NB C) The annotated time indicates the runtime for the largest network. Evaluated on networks of up to 23,000 nodes and 507,000 edges (n =
1,475).
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